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INTRODUCTION — DATA AUGMENTATION FOR CLASSIFICATION
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DATA AUGMENTATION FOR GAN
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HOW CAN WE ADDRESS THIS ISSUE ?



NEGATIVE DATA AUGMENTAION (NDA)




NDA FOR GENERAL IMAGE DATASETS
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RESULTS — UNCONDITIONAL IMAGE GENERATION
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RESULTS — CONDITIONAL IMAGE GENERATION
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RESULTS — IMAGE TRANSLATION
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CONCLUSION

® NDA can be used to improve representation learning performance for images and
videos too.

m Results in the paper

Original Jigsaw Stitching Mixup Cutout
NDA improves conditional/unconditional image generation, image translation and

representation learning



THANK YOU!

® Paper link: https://openreview.net/forum?id=Ovp8dvB8IBH

® Code link: https://github.com/ermongroup/NDA
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= Contact Info — a7b23@cs.stanford.edu, kayush@cs.stanford.edu, tsong@cs.stanford.edu
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