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Problem formulation
Semantics preserving Unsupervised Domain Translation

SVHN MNIST using MUNIT→ MNIST SVHN using MUNIT→
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MNIST: handwritten digits. See: http://yann.lecun.com/exdb/mnist/index.html 
SVHN: Street view house numbers. See:http://ufldl.stanford.edu/housenumbers/
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Problem formulation
Style-heterogeneous Domain Translation
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Sketches Reals using StarGAN-V2→

Sketches and Reals are a subset of the domain net dataset. See: https://ai.bu.edu/M3SDA/



Domain invariant categorical semantics 

Domain 1

Domain 2

Representation learning Clustering Unsupervised 
Domain adaptation



Conditioning the style encoder
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Results
MNIST SVHN↔

Ablating lossesSources
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MNIST SVHN using our method→



Results
Sketches Reals→

DRIT EGST-IT StarGAN-V2 Cats-UDT (ours)



Thank you

• Paper: https://openreview.net/forum?id=IMPA6MndSXU


• Code: https://github.com/lavoiems/Cats-UDT

https://openreview.net/forum?id=IMPA6MndSXU
https://github.com/lavoiems/Cats-UDT

