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Definition:
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Experience Replay (ER) in CL



Remembering for the Right Reasons (RRR)
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Remembering for the Right Reasons (RRR)

Vanilla Backprop
(Zeiler & Fergus, 2014)

Backprop w/ SmoothGrad 
(Smilkov et al., 2017)

Grad-CAM 
(Selvaraju et al., 2017)
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Results: Few-Shot Class Incremental Learning



Results: Regular Class Incremental Learning



Effect on Model Explanations



Effect on Model Explanations
Pointing Game (PG) experiment (Zhang et al., 2018)



Effect on Model Explanations
Pointing Game (PG) experiment (Zhang et al., 2018)
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Effect on Model Explanations



Conclusion

➢ Use of eXplainable AI as part of a continual learning 
process makes model explanations more accurate
and more interpretable
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➢ Encouraging a model to remember its evidence
will reduce catastrophic forgetting
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Code: https://github.com/SaynaEbrahimi/Remembering-for-the-Right-Reasons

Questions:  sayna@berkeley.edu

Paper: https://openreview.net/pdf?id=tHgJoMfy6nI
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