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DeSKO: Deep Stochastic Koopman Operator
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DeSKO: Deep Stochastic Koopman Operator
Modeling
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DeSKO: Deep Stochastic Koopman Operator
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DeSKO: Deep Stochastic Koopman Operator
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DeSKO: Deep Stochastic Koopman Operator

Results
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DeSKO: Deep Stochastic Koopman Operator

Results

Impulsive disturbances of SON
(maximum control input 20N)

DeSKO SAC

Ours

Haarnoja T, Zhou A, Abbeel P, et al. Soft actor-critic: Off-policy maximum entropy
deep reinforcement learning with a stochastic actor[C] International Conference on
Machine Learning. PMLR, 2018: 1861-1870.
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DeSKO: Deep Stochastic Koopman Operator

Results
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DeSKO: An efficient framework for learning and control of uncertain nonlinear systems

Conclusion
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Future Works:
O Koopman representation that allows nonlinear control input
O Convergence proof for Koopman operators with deep neural structure

O Would Koopman operator be able to model visual sequences?
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