5 SMU Intriguing Properties of Data Attribution on Diffusion Models

SINGAPORE MANAGEMENT

We set F(x;0) = L(x;0) = Lsimple(x, 0)
Thus, TRAK’s gradient is ¢*(x) = P, Vo Lsimple (T
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(a) # of timesteps is 10 (b # of timesteps is 100 (©) # of timesteps is 1000 Find more interesting conclus:ons in our paper!



