Neural Fine-Tuning Search for Few-Shot Learning

Panagiotis Eustratiadis’, tukasz Dudziak? Da Li?, Timothy Hospedales'

L University of Edinburgh, UK 2 Samsung Al Centre Cambridge, UK
{ p.eustratiadis, t.hospedales }@ed.ac.uk { 1l.dudziak, da.lil }@samsung.com

Main question Main challenge

In multi-domain few-shot adaptation of a pretrained model, Solution depends on a downstream task! Needs to find a sweet
what layers and how should be fine-tuned for optimal results?’ spot between under- and over-fitting at testing time.

@ The what and the how @ Searching for a solution ® Understanding and characterising the search
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4% possible designs! Partial single domain Meta-Dataset results. More in the paper! (* additional data)



