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CLIP Model Training
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Our Contribution

A scalable algorithm: 
that can run in both a data pipeline and a data loader; 
(Check the paper for details) 
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MetaCLIP 400M and 2.5B



Metadata, Code, Model and Demo

• https://github.com/facebookresearch/MetaCLIP 

• Also available on Hugging Face Transformers and OpenCLIP. 

• AutoModel.from_pretrained("facebook/metaclip-h14-fullcc2.5b")

https://github.com/facebookresearch/MetaCLIP




Effects of Balancing on Data Distribution



1 Metadata

Radford et al. Learning Transferable Visual Models From Natural Language Supervision

https://arxiv.org/search/cs?searchtype=author&query=Radford%2C+A


The Algorithm (t=20000 for CLIP)

04 To An Algorithm

• Our contribution: we turn search queries into independent sampling 

each data point as curation to scale in a data collection pipeline.


