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Results (OD)

Model Backbone AP AP5[] AP75 APS APM APL

Faster R-CNN R-50 + FPN 36.90 5840 39.70 21.70 40.50 48.10
Faster R-CNN R-50 + CFPN Xie et al. (2023) 37.20 - - 21.70 4140 48.60
YOLOF R-50 Chen et al. (2021) 37.70 56.90 40.60 19.10 425 53.20
Faster R-CNN R-50 + CMFPN 39.00421y) 6050 4230 2290 4220 51.60
Mask R-CNN R-50 + FPN 37.40 5850 40.10 21.70 40.70 48.60
Mask R-CNN R-50 + CMFPN 39.60(4120y 60.90 4290 23.80 43.00 52.40
Cascade Mask R-CNN R-50 + FPN 40.70 59.10 44.30 2250 44.30 54.00
Cascade Mask R-CNN R-50 + CFPN Xie et al. (2023) 41.50 - - 24.10 45770 54.00
Cascade Mask R-CNN R-50 + CMFPN 4290129y 62.00 4640 2540 46.60 57.10
Mask R-CNN Swin-T + FPN 42.40 65.10 46.10 25.80 45.60 56.10
Mask R-CNN Swin-T + CMFPN 45.10(42.7y 67.00 4890 27.30 48.80 60.40




Results (1S5)

Model Backbone APSee APSE  APXE AP AP)E AP
Mask R-CNN R-50 + FPN 33.90 55.10 36.00 16.00 36.50 49.80
Mask R-CNN R-50 + CMFPN ~ 35.60(.,7 57.50 37.70 17.50 3820 51.90
Cascade Mask R-CNN  R-50 + FPN 35.30 56.00 37.80 1620 38.00 51.80
Cascade Mask R-CNN  R-50 + CMFPN  37.10(,,5 5850 39.70 18.40 39.80 54.30
Mask R-CNN Swin-T + FPN 39.10 62.10 4210 19.60 41.80 57.50
Mask R-CNN Swin-T + CMFPN ~ 40.70,1¢4 6420 4370 21.00 43.80 60.00

Table 2: The instance segmentation results on the coco val 2017.



Conclusions

* FPN fuses multiscale features but it brings suboptimal context to
the detection heads.

* CMFPN resolves these issues by modeling the context separately.

* Results show consistent performance on different backbones and
object sizes.

* CMFPN will be extended by novel context-aware selective
attention.
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