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Overview

Reduced from

Method

• Training the encoder and decoder following:

   where               represents the stop-gradient operation.

• High-level policy learning with Q-update 

• Low-level policy conditioned on primitive skill and observation

Performance

Summary and Future Work
Summary:
➢ VanTA is a method for extracting discrete, task-relevant and semantic skills.

➢ The grounding of the codebook in semantic knowledge facilitates offline RL.

Future work:
➢ Our initialization technique has significantly reduced query complexity, which 

we aim to reduce further in future work.

➢ In long-horizon tasks, we extract temporally-extended skills for efficient RL.

➢ Visualization of Segmentation 

➢ Vision-Language Model(VLM) Guidance 

For VanTA Reduced from

Ablation

Performance on D4RL benchmark 

Theoretical Results ➢ Comparison between 

VanTA and VanTA without 

VLM guidance in the Franka

      Kitchen environment.

VanTA is more temporally correlated 

compared with non-VLM guidance method.
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