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Modern Slavery: A Global Issue

− Over 50 million people were affected globally (2021), with 28 million in forced labor.

− Limited transparency in corporate supply chains remains a significant barrier to eradication.

Regulatory Response

− Modern Slavery Acts (MSAs) were introduced in jurisdictions such as California (2010), the UK(2015), Australia 

(2018), and Canada(2023), mandating large corporations to report annually on their anti-slavery efforts, but often lack 

clarity and specificity in their reporting and enforcement mechanisms.

− The Australian MSA notably requires over 3,000 companies to disclose annual statements against mandatory criteria.

Persistent Compliance Challenges

− Compliance assessment is resource-intensive; thousands of corporate statements remain unreviewed each year.

− Corporate disclosures frequently include vague language, complicating the differentiation between superficial 

compliance and meaningful action.

BackgroundBackground



Address a significant research gap:

− Existing datasets and ML models target general domains (medical/legal).

− A clear gap exists as no dataset or ML models exist specifically for legally mandated disclosures from corporate 

modern slavery statements.

Develop AIMS.au, a novel annotated dataset to:

− Extract key disclosures required by modern slavery legislation and filter vague sentences. 

− Support fine-tuning of ML models for compliance tasks. 

Benchmark and evaluate:

− Fine-tune and assess ML models using AIMS.au. 

− Compare against larger LLMs in zero-shot settings. 

Ensure practical relevance:

− Develop in consultation with diverse stakeholders (including the Australian Government).

− Published open source to support broader research and cross-jurisdiction adaptation (e.g., UK, Canada).

Objectives



Dataset Description

− AIMS.au: a novel dataset comprising 5,731 

modern slavery statements (2019-2023), 

containing 800,000+ labeled sentences.

− Covers 7,270 unique entities across 20+ 

industry sectors including public/private 

companies, nonprofits, and government-

owned corporations.

− Average statement length: 10.4 pages, 141 

sentences.

AIMS.au Dataset
AIMS.au is the largest publicly available dataset addressing this issue. 

Overview of the distribution of text across the 5,731 statements in our proposed dataset.



Data Collection & Preprocessing

− Statements sourced from the official Australian 

Modern Slavery Register.

− Text extraction from PDFs using PyMuPDF and 

ABBYY FineReader PDF, excluding scanned 

documents to minimize OCR errors.

− Sentence segmentation using a customized regex-

based sentence splitter that handles complex 

punctuation and formatting.

Australian Modern Slavery Register as of March 26, 2025. 

AIMS.au Dataset
Thousands of modern slavery statements are published each year in PDF format.



Annotation Specifications and Annotators Training

− Australian MSA’s six mandatory criteria translated into 11 detailed 

annotation questions for sentence-level labelling.

− Annotation guidelines were iteratively refined with input from 

experts and stakeholders, ensuring clarity and consistency.

Correspondences between the AU MSA Mandatory Criteria and the 

questions designed for the annotation of the proposed AIMS.au dataset.

Overview of the annotation workflow for the AIMS.au dataset. 

AIMS.au Dataset
The development of high-quality annotation specifications required an interdisciplinary team.



Data Annotation Process:

− Phase 1: Single annotation of basic criteria.

− Phase 2: Double annotation (with Inter-Annotator 

Agreement checks) on advanced criteria.

− Two "Gold" subsets (each comprising 50 

statements), annotated by domain experts, 

ensuring highly reliable validation and test 

benchmarks.

− Rigorous quality control, including weekly 

checks, direct feedback loops, and corrections.

Overview of the annotation workflow for the AIMS.au dataset (continued).

AIMS.au Dataset
A complex annotation task that spanned one and a half years.



Experimental Setup and Results

− Task: sentence-level binary classification across 11 questions.

− Evaluated Models: fine-tuned on AIMS.au (DistilBERT, 

BERT, Llama2 (7B), Llama3.2 (3B) and zero-shot (GPT-3.5 

Turbo), GPT-4o, Llama3.2 (3B).

− Input Settings: no context - classify using only the target 

sentence, and with context – classify using the sentence plus 

±100 surrounding words.

− Key Results: fine-tuned models outperform zero-shot models 

and including context improves results.

F1 evaluation results for zero-shot approaches. 

Figure Description: F1 evaluation results for jointly fine-tuned

Benchmark Experiments



Contributions

− Introduced AIMS.au, the largest annotated dataset addressing a challenging sentence-level classification task—

identifying mandatory disclosures in corporate modern slavery statements under the Australian MSA.

− Provided critical benchmarks using zero-shot and fine-tuned language models for sentence-level classification.

− Investigated how the addition of context affects the sentence-level classification task. 

Limitations

− Potential annotator biases and inconsistencies despite extensive training and quality assurance.

− Inability to analyze figures and tables without OCR or vision-language models, potentially affecting context.

− No differentiation between past actions and future plans, complicating period-specific compliance evaluation.

Future Work

− Explore methods for handling noisy labels and enhancing context understanding.

− Investigate integrating Vision-Language Models (VLMs) for improved extraction from complex documents.

− Extend AIMS.au’s applicability to related jurisdictions (e.g., UK and Canadian MSAs), facilitating broader research 

in modern slavery and corporate compliance.

Conclusion



https://arxiv.org/abs/2502.07022

https://huggingface.co/datasets/mila-ai4h/AIMS.au

https://github.com/mila-ai4h/ai4h_aims-au

https://figshare.com/s/1b92ebfde3f2de2be0cf
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