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O bJ ECtive I Learning an iterative algorithm that efficiently solves PDEs l
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Algorithm 1: Inference using the neural PDE
solver.
Data: ©y € R", PDE (v, f, 9)

\_ ) Result: ©; € R®
for1=0...L-1do

[ \ ’ d@H-l — @l — an(VLPDE(@l)7/Y) fag)

s Assume we have access to samples of ::turn e L

PDE parameters and the associated
target solutions, sampled at some
colocation points.
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Approach

Data
{7i7 fi> 9i Ui}fvil

ansatz: ug

Optimizer: F,
on ©

——> Computes

.......... »  Optimizes
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Optimizer (Adam, ...)
on g

Optimization scheme of a physics-informed method with our framework.
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