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Objective Learning an iterative algorithm that efficiently solves PDEs

+ Solving from the PDE residual

+ Fast solving of new PDEs (L small)

+ No retraining needed

 Assume we have access to samples of
PDE parameters and the associated
target solutions, sampled at some
colocation points.



Approach

Inference

Training

...

Optimization scheme of a physics-informed method with our framework.
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