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Structural In-Context Learning

Ability of a model to execute in-context algorithms on arbitrary novel tokens
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Structural In-Context Learning Training w/ Active Forgetting
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Structural In-Context Learning Training w/ Temporary Forgetting
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Temporary Forgetting Enables a Dual-Process

Pref. of Head for In-Weights Pref. of Tail for In-Context
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Temporary Forgetting Results on GPT-2

Vanilla Fine-Tune GPT-2

1.0 -
>
O
e 0 8 - W
=
O
<
Iy 0.6
8 .......................................................................
" 04
E .
0
(o))
L2 0.2
u>'f —— Baseline
0.0 -~ Random Tokens
0 500 1000 1500 2000

Fine-Tuning Step



Temporary Forgetting Results on GPT-2

Vanilla Fine-Tune GPT-2 Prob. Temporary Forgetting GPT-2
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