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We have great performance from ViTs, can
we make them efficient?
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Introduction
Mask2Former [Ref. 1]:
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- Backbone = it’s a simple feature extractor from images. For
example, any CNN that provides difference scales of features.

[Ref.1] Mask2Former: Masked-attention Mask Transformer for Universal Image Segmentation (CVPR 2022) Abhishek Aich | https://abhishekaich27.github.io/



Introduction
Mask2Former [Ref. 1]:

Decoder
Backbone module
|mage — — (Mask, Label)
Encoder
module

- Encoder module = Make all the multi-scale features “attend”
to each other.

[Ref.1] Mask2Former: Masked-attention Mask Transformer for Universal Image Segmentation (CVPR 2022) Abhishek Aich | https://abhishekaich27.github.io/



Mask2Former [Ref. 1]:
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- Decoder module = Take the “enhanced” features from encoder and
decode them into masks and corresponding labels.

[Ref.1] Mask2Former: Masked-attention Mask Transformer for Universal Image Segmentation (CVPR 2022)
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Introduction
Mask2Former [Ref. 1]:
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Introduction
Mask2Former [Ref. 1]:

Decoder
Backbone module
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module

These two are pure

This part can be a
transformer modules.

CNN.
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Computational cost of M2F
Mask2Former (M2F):

- Unfortunately, for Mask2Former, good performance
comes at a price of expensive computations.
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Our Solution
PRO-SCALE

- We propose a strategy termed PROgressive Token Length
SCALing for Efficient transformer encoders (PRO-SCALE) that
can be plugged-in to the Mask2Former segmentation
architecture to significantly reduce the computational cost
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Our Solution
PRO-SCALE

- PRO-SCALE: PROgressive Token Length SCALing for Efficient
transformer encoders
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Our Solution
PRO-SCALE

- PRO-SCALE works great !
- Maintains performance while reducing computations.
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Thank you!

For code and paper,

scan this QR code to Github »
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