InstantPortrait: One-Step Portrait Editing via Diffusion Multi-Objective Distillation
Zhixin Lai 1* Kegiang Sun ? FuYun Wang ? Dhritiman Sagar ! Erli Ding *

1 Snap Inc 2 The Chinese University of Hong Kong
* Equal contribution. Work done while at Snap Inc



Editing
Prompt:

Bfe-lHEb texture uneventones muted tones low detail



Editing
Prompt:




Output of Instant-Portrait Trained with

Output images conditioned by the input images and editing instructions




Motivation



Identity Preservation

Challenges Fidelity to Instruction

Fast model inference



photorealistic photo, with hipster glasses, mustache, wearing plaid shirt, vintage tees
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90s gamer yearbook photo, with headset, wearing 90's t-shirt, blue drape background
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Dataset
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Experiments
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Ablation: progressive improvement over model training and distillation
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L qistin Ablation: DDIM vs Stochastic Sampling
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L riplet Ablation
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Ablation: Style Boost via Iterative Inference




Ablation: Diffusion Multi-Object Distillation
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