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Background Proposed Method Experiments

What is Dataset Distillation (DD) ?

How do existing methods achieve DD?
v “One instance for one class” paradigm

Breaking Class Barriers:
Efficient DD via Inter-class Feature CompensatorDataset distillation is 

to synthesize a tiny 
and compact dataset 
from a given real and 
large dataset, such 
that the former can 
yield a comparable
performance as the 
latter.

v Duplicated intra-class features
v Oversight of inter-class features

v Inefficient Utilization of the 
Distillation Budget 

v Collapsed feature diversity

evaluated on validation set

Poor performance

v Implementation

evaluated on validation set

o Optimization：

o Design：

Considerable performance boost

Results:

Comparison with SOTAs on ImageNet-1K

o Efficient static labeling：

The change in feature duplication 
with the increase of ipc

The ablation study of UFC

Visualization

Better performance & higher compression ratio

Reduces the size of soft labels 
by up to 99%
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