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reusing any letter more than once.

The quick onyx goblin jumps over
a lazy dwarf.
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I Problem #1: Expensive Evaluation
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I Problem #2: Judge Biases Affect Rating




I Problem #2: Judge Biases Affect Rating

-
Judges may base their decisions on biases or prejudices.

Current rating systems cannot detect biases effectively.
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I Problem #3: Unaligned Ratings
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I Insight #1: Multivariate Modelling to Mitigate Unaligned Ratings

-
Ratings can be modeled as multivariate objects.

Enables accurate rating comparisons.




I Insight #1: Multivariate Modelling to Mitigate Unaligned Ratings

7

Ratings can be modeled as multivariate objects.

Enables accurate rating comparisons and continuous dependencies.
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I Insight #1: Multivariate Modelling to Mitigate Unaligned Ratings

Ratings can be modeled as multivariate objects.

Enables accurate rating comparisons.
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I Insight #2: Shared Parameters to Measure Judge Biases

Sharing parameters between models measures overall influences.

Enables measuring the influence of judge biases.
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.

Sharing parameters between models measures overall influences.

Enables measuring the influence of judge biases.
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R, (q,response) = R, base + Qlength Length(response) + . ..
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I Insight #2: Shared Parameters to Measure Judge Biases

Enables measuring the influence of judge biases.

Sharing parameters between models measures overall influences.
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I Insight #3: Regularization for Improved Convergence

7

Using priors on the parameters acts as regularization.

Enables faster convergence by using other (cheap) data.
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7

Using priors on the parameters acts as regularization.

Enables faster convergence by using other (cheap) data.

Rm(Q) — R’m,LLM + Rm,human [[q S Qhuman]] + ...
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I Insight #3: Regularization for Improved Convergence

7

Using priors on the parameters acts as regularization.

Enables faster convergence by using other (cheap) data.
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