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Stage 2 Rendering fine-grained instance details
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@ Trainable ¢ Frozen B Rendering Real Scene Depth Maps

¢ This method divides the multi-instance generation process into two stages.
m Background: & First, a Layout-to-depth network is trained to generate a scene depth map. :
¢ Multi-Instance Generation (MIG) allows users to define the locations and ¢ Secondly, we use Depth-ControlNet to precisely position each instance and a Detail 2 3
attribute of multiple instances in the generated image. Renderer to accurately render the attributes of each instance without any training.
¢ The mainstream MIG methods involve training an adapter directly on the ==L ‘
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1) A tower ing mountain with sprawling glacier. 2) A c ry tal- l ear blue ently flowing with soft ripples. 3) A
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