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Motivation

2Chen, Jiangjie, et al. "From persona to personalization: A survey on role-playing language agents." arXiv preprint arXiv:2404.18231 (2024).

However, exsiting Role-Playing Agents
(RPAs) are primarily confined to the 
textual modality, unable to simulate 
humans’ multimodal perceptual capabilities.



Overview

3

We propose MMRole, a 
comprehensive framework for 
developing and evaluating of
Multimodal Role-Playing Agents
(MRPAs), which comprises a 
personalized multimodal dataset and 
a robust evaluation approach.



Dataset Construction
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Statistics of MMRole-Data

85 characters, 11K images, and 14K dialogues, yielding 
85K training samples and 294 test samples.



Performance Evaluation
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Evaluation of Reward Model

These results indicate that our specialized reward model 
effectively learns the evaluation abilities of GPT-4 and 
aligns closely with human evaluators

Experiments
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Evaluation of MMRole-Agent and Various General-Dialogue LMMs

Ø In the MRPA group with over 100 billion parameters, 
Claude 3 Opus exhibits superior performance. 

Ø In the MRPA group with tens of billions of parameters, 
LLaVA-NeXT-34B achieves the highest performance. 

Ø In the MRPA group with billions of parameters, 
MMRole-Agent is the best.

Ø LLaVA-NeXT-34B outperforms Gemini Pro Vision
Ø LLaVA-NeXT-7B and MMRole-Agent surpass Yi-VL-34B
Both the training methods and training data are important for 
enhancing LMMs, rather than merely expanding the model size.

Experiments

MMRole-Agent has strong generalization capabilities for 
characters and images that are not seen in the training set.



Thank you for your attention!


