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» Variational Disentanglement for Molecular Representation

CFD: Learning Generalized Molecular Representation via
Concept-Enhanced Feedback Disentanglement

» Evaluation Performance on DrugOOD Dataset
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® \We assume that the number of feedback iterations is T. Given the
current feature Q, that Is the concatenation of the previous two
iteration outputs, we first use the above operations to disentangle Q;

into  Z;P* and  ZS". Then, Q1 = O([Z5}, ZE€™]) is taken as the
input of the current step to repeat the above disentangled operations

GNN to encode the molecule and another GNN is utilized to calculate
the score for separating generalized and spurious features

® Differently, we propose a new method, i.e., Concept-Enhanced
Feedback Disentanglement (CFD), which aims to exploit the
feedback mechanism to learn generalized representation

Concept-Enhanced Feedback Disentanglement
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