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20251. Background

・Modeling multi-person trajectories in complex indoor environments is 
essential for various tasks.  (e.g. path planning and motion prediction)

Our goal is to create a comprehensive dataset 
capturing multi-person trajectories across a 

variety of indoor environments
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・Geometric constraints
・Social constraints



20251. Background

Outdoor trajectory datasets Indoor motion datasets

Limitations in existing datasets:

・Scalability and complexity of the 
scene are different from indoor scenes

・Data collection efficiency is low
(each scene requires system setup, scene 
measurement, and human-subject experiments)



20252. Our approach

Data collection using VR:

・Efficient data collection
・Accurate and rich scene information



20253. LocoVR dataset

・Over 7000 multi-person trajectories in 
    131 complex indoor home environments

・Social motion behaviors

・Rich and accurate scene geometries
    and accurate body motions including
    head pose

Overview:



20253. LocoVR dataset

Maintaining a social distance

Scene examples:



20253. LocoVR dataset

Yielding the path to allow others to pass

Scene examples:



20253. LocoVR dataset

Scene examples:

Taking a detour to avoid others



20253. LocoVR dataset

Dataset benchmark:



20254. Evaluation

Task1: Global path prediction

・Scene map
・Past trajectory
・Goal
・Another person’s 

trajectory ・Unet + A*
・Ynet
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20254. Evaluation

Task1: Global path prediction

Baselines

Ours

Baselines

Ours



20254. Evaluation

Task1: Global path prediction

Sample1: Maintaining a social distance



20254. Evaluation

Task1: Global path prediction

Sample2: Taking a detour to avoid others



20255. Conclusion

・We introduced the LocoVR dataset to model geometrically and socially aware 
    human trajectories, capturing accurate trajectories and detailed spatial 
    information of two-person interactions across 131 indoor home environments. 

・Experimental results on indoor tasks demonstrated that models trained on LocoVR 
    significantly outperformed those trained on previous indoor datasets, highlighting its 
    effectiveness in adapting to unseen indoor environments. 

・These findings also showcase the potential of virtual environments for training 
    generalizable models, establishing a benchmark for future indoor human motion and 
    trajectory research.



Thank you for listening!
Visit our website for more information!





20252. Our approach

System setup:

10m
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20252. Our approach

System setup:



20254. Evaluation

Task2: Goal prediction

・Scene map
・Past trajectory

・Unet
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・GoalModel

Training data Test data

GIMO

LocoRealTHOR-MAGNI

LocoVR

Benchmarks



20254. Evaluation

Task2: Goal prediction

Baselines

Ours



20254. Evaluation

Task2: Goal prediction
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