ICLR Conference 2025 Poster Contacts: NVIDIA.

CraftRTL: High-quality Synthetic Data Generation for Verilog Code Models with
Correct-by-Construction Non-Textual Representations and Targeted Code Repair

Mingjie Liu” - Yun-Da Tsai" - Wenfei Zhou - Haoxing Ren

We present CraftRTL, a state-of-the-art Hardware LLM designed for RTL coding. Our approach enhance data curation by generating correct-by-construction
data targeting non-textual representations. Additionally, we introduce an automated framework that gathers errors from multiple model checkpoints and
create targeted code repair data by error injection. We outperform prior results by 3.8%, 10.9%, 6.6% for pass@ 1 on VerilogEval and RTLLM.
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