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(a) Initialization of deformation field (b) Initialization of Gaussians

Contribution:

(a) Initialization of deformation field. We first lift the depth maps and a 2D flow to a 3D flow

Gaussians in Inconsistent depth inputs

Baseline Ours

Be | ; \: | and train the deformation field for initialization.
E’ﬁ%iglceill?i : . : : (b) Initialization of Gaussians in canonical space. We use the initialized deformation field to . -
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Consistent depth renderings . ] .
We first define an order indicator function:

+1, Di(uy) > Dy(usg)
—1, Di(uy) < Dy(usg)

® We propose a 3D-aware 1nitialization that greatly helps the learning of the
4D representations and improves the rendering quality.
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® We propose an ordinal depth loss that handles inconsistent depth inputs De, (uc)
and effectively ensures more reliable and consistent depth outputs s i Next, we approximate this indicator function using the
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Method:
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Our ordinal depth loss enables a smooth reconstruction of the depth map in the interior while
maintaining sharp edges at boundaries.
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We use a deformation field to deform gaussians in the canonical space
and propose an ordinal depth loss to deal with inconsistent depth prior inputs.

One more thing! ”5 Qingming is actively looking for a PhD position! @

Our method achieves the best performances in all metrics on both datasets.
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