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In this study, we introduce varying levels of confounding into 5 real world 
RCTs(to simulate observational data), and compare risk based targeting 
to biased treatment effect based targeting under different policymaker 
welfare functions.



Treatment Effect Heterogeneity



Key Findings

1) Real-world RCTs can contain insufficient data to learn reliable 
mappings from features to treatment effects, making it difficult to 
accurately predict who will benefit most from treatment. 

Insufficient data! Learned Treatment Effects 
are not representative!



Key Findings

2) If one is able to estimate treatment effects accurately at zero 
confounding, targeting based on biased treatment effect estimates from 
confounded data still outperforms risk-based targeting even at high 
levels of confounding!
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