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https://j-seo.github.io/

https://j-seo.github.io/
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1. Introduction

Limited parameter sizes and constrained training data

→ unfaithfulness, unsupported, unverifiable outputs 

Threats to Open-source LLM Reliability

However, the lack of publicly available Korean hallucination benchmarks poses a significant threat to 

thoroughly evaluating the reliability of open-source LLMs.
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2. K-HALU
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2. K-HALU
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3. Experiments Setup

GPT-3.5 Turbo

GPT-4 Turbo

GPT-4 omni

Log Probability | Exact Match | LLM-as-a-Judgement
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4. Results

Baseline Accuracy
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4. Results

Domain Analysis



C
o
p
yr

ig
h
t 
©

 2
0
2
5
 N

a
tu

ra
lL

a
n
g
u
a
g
e

P
ro

ce
ss

in
g
 &

 A
rt

ifi
ci

a
l 
In

te
lli

g
e
n
ce

 L
a
b

4. Results

Multiple Answers
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4. Results

Instruction Types
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4. Results

ICL & COT

Exact Match & LLM-as-a-Judge
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4. Results

Multilingual Extending
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5. Conclusion

• We proposed K-HALU, a benchmark specifically designed to evaluate hallucination detection in Korean

• K-HALU leverages Korean textual documents from seven diverse domains to rigorously assess the ability of LLMs 

to detect hallucinations.

• The benchmark utilizes a strict multiple-answer evaluation framework, requiring models to identify all possible 

correct answers, enhancing insights into their reliability.

• Analysis shows that open-source LLMs significantly underperform in hallucination detection compared to closed 

API models.

• Future work will focus on improving datasets and developing advanced models to further reduce hallucinations in 

Korean language processing
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https://github.com/J-Seo/K-HALU

Our Code & Dataset is available!!

GitHub

https://github.com/J-Seo/K-HALU
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Thank You
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