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Documentary Teaser Generation

 Unlike video highlight detection, a teaser needs a cohesive narrative

 Unlike video summarization, a teaser needs to be interesting and
engaging

- Unlike a movie trailer, a documentary teaser is more narration-focused

- A documentary teaser needs to preserve the factual accuracy



DocumentaryNet: A New Dataset for Documentaries
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But will the Benobo's share Zoologists Barbara Fruth from
their secrets with us humans? the.unlver5|ty of Munich in
Kinshasa ... [truncated]
f 1

Title: Medicine from the jungle - Rainforest pharmacy | DW Documentary

User Annotated Tags: Education, rainforest, medicine, psychology, apes, nature, Africa, monkey, Barbara
Fruth, Democratic Republic of the Congo, natural medicine, bonobos, tropical rainforest, endangered species,
animals, pharmacy , pharmaceutical, research, DW, Deutsche Welle, documentary

Narration with Timestamps: (in sec)

[2.6 - 15.92] Benobo Apes are among our closest living relatives, and the Benobo's here in Africa’s Congo basin
have a valuable treasure. They know which plants have healing properties. Maybe we can learn from them.
[17.89 - 26.59] It's always interesting when one specific individual within a group eats something different.
That could turn out to be some kind of medicinal plant.




A Narration-Centered Approach to Teaser Generation
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Leveraging LLMs for Narration Generation

Break the full narration into 10 segments (avg. 3,900 words)
Use GPT-40 to summarize each segment

Rewrite the 10 summarized sentences into a cohesive paragraph

- “Rewrite the paragraph into an engaging story opening in 10 sentences or less, keeping
all names and avoiding being replaced by pronouns.”

Propose an ending question

- “Given the title and the provided summary, formulate one thought-provoking and
concise question that relate directly to the summary.”

- For example, “But will the Benobo's share their secrets with us humans?”



Interval-based Approach using Pretrained Models
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Learning-based Approach using Deep Sequential Models

Image embedding ame e,"e &, &,"* S
t t t t t
( Transformer encoder )
A A A A A
e Qs O O O O
piffusionprior ( DP ##) | ( DP #)| ( pP #)| ( DP =) (_op =)
1 1 1 1 t
eEext | e’gext | egext — eE}ext 1 ... e';lext
t t t t
(cup®) (cup®) ( curz) ( cups
1 1 1 1

Sentence embedding S1 S1 S1 S,



Learning-based Approach using Deep Sequential Models
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Demo

Interval-based Learning-based

wx83.github.io/TeaserGen_Official/


https://wx83.github.io/TeaserGen_Official/

Evaluation Metrics

* Objective Evaluation
- Retrieval-based metrics
- Repetitiveness
- Scene change rate (SCR)
= CLIPScore
- VTGHLS

- Subjective Evaluation
- Generated Narration

- Organization
- Informativeness
- Engagingness
- Generated Teaser
- Coherence
- Alignment
- Engagingness
- Realness
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Objective Evaluation

Model Query Decoding DP Fl1 (%)t REP (%) SCR (%) CLIPScore VTGHLS
Baseline models

Random Random - - 1.67 4.05 7.81 0.56 0.75
CLIP-NN Narration  Greedy X 0.11 92.73 8.29 0.69 0.79
UniVTG (2023b) Title Rank - 1.82 0 89.68 0.58 1.01
CLIP-it (2021b) Narration  Rank X 1.24 0 990.39 0.56 0.61
Pretraining-based models

TeaserGen-PT Title Thresholding - 1.85 0 13.16 0.56 1.02
TeaserGen-PT Narration  Thresholding - 1.07 21.38 22.58 0.58 1.45
TeaserGen-PT-CLIP Narration  Threshold X 1.31 27.23 24.10 0.58 0.74
Learning-based models

TeaserGen-LR Narration  Greedy X 1.56 31.97 27.18 0.58 0.74
TeaserGen-LR Narration  Greedy v 1.38 26.83 35.48 0.62 0.78
TeaserGen-LR Narration  Beam search X 1.88 24.16 41.97 0.58 0.74
TeaserGen-LR Narration =~ Beam Search v 1.88 19.39 46.56 0.63 0.77

Ground truth - - - 100 >7.86 27.6 0.58 0.64




Subjective Test

Model Query Decoding Coherencet Alignment] EngagingnessT Realness?T

UniVTG 2023b)  Title Rank 2.61 £0.50 2.621+047 2.67+=0.57 2.66£0.54
CLIP-it (2021b) Narration Rank 261 £046 267 +0.44 2.57 £ 0.46 2.51 =0.46
TeaserGen-PT  Title Threshold 314 £ 050 284 +057 281049 294 + 0.50
TeaserGen-LR  Narration  Greedy 290+ 045 2881048 271 +042 271 +£044
TeaserGen-LR  Narration Beam search 2.84 046 2.69 £0.51 2714042 2.64 =041
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Our Contribution ﬁ 3

« We propose DocumentaryNet, a publicly-available dataset consisting
of 1,269 high-quality documentaries paired with their teasers.

« We propose TeaserGen, a narration-centered teaser generation system
that can effectively compress >30-min documentaries into <3-min teasers

« We design new evaluation metrics to better evaluate the new task of
teaser generation, where we conduct human evaluations to validate
these evaluation metrics

« Our proposed method shows generalizability across old movies and
educational videos.
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