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Text Generation:

• Constraints in training data

• Gaps in specific knowledge domains

• Outdated information

• Over-reliance on textual resources

Generated Text Evaluation:

• Diversity, or Novelty evaluation individually
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Our Proposed Framework – Text Multi-view Embedding
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Prompt: What is the true meaning of true happiness in life?

View: Describe true happiness from a scientific view

Answer: The term \"true happiness\" refers to a state of 

contentment and satisfaction that can come from various 

sources such as achieving goals, experiencing positive 

emotions, or having meaningful relationships with others. It 

encompasses both external factors like financial stability and 

internal states like self-esteem.\n\nIn terms of neuroscience, 

happiness is thought to be associated with the release of 

dopamine in the brain's reward system. This neurotransmitter 

plays a role in motivation and pleasure-seeking behavior, 

making it easier for individuals to feel happy when they 

achieve their goals or have positive experiences. Additionally, 

studies have shown that meditation and other forms of 

mindfulness practices can increase activity in the pre"

Max_length = 125, model: Qwen2.5, 1.5 Instruct



Our Proposed Framework – Image Multi-view Embedding
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Diversity Measurement
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Metrics: 

1. Measure of Textual Lexical Diversity (MTLD)

2. Semantic Diversity of Text (SDT)

3. Semantic Diversity of Embeddings (SDE)

4. Lexical Entropy

5. Self-BLEU

The diversity of the text generated by LLMs can be measured from different aspects. Two of the most 

important aspects are:

• Diversity across different text responses

• Diversity within different tokens generated in a single text response



Novelty Measurement
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Novelty Detection FrameworkTable1: Classification metrics to evaluate novelty 

detectors GPT-4o and SBERT models on dataset TAP-

DNLD 1.0 (2.8k novel and 2.7k non-novel documents). 

(Ghosal et al. 2018).
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• Q1: Is the generated answer correct and relevant to the given input prompt?

• Q2: How well does the generated answer adhere to proper language structure and grammatical accuracy?

GPT-WritingPrompts dataset. (Huang et al. 2024).

~97k prompt-answers.(we used human answers)

Sample in 10 different seeds (Each seed 1k data).

Cluster them into 10 different clusters

Sample 100 prompts with 

one real true answer and 

one wrong answer from another cluster
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• Q1: Is the generated answer correct and relevant to the given input prompt?

• Q2: How well does the generated answer adhere to proper language structure and grammatical accuracy?

Table2: Results on classification task to detect correct answer across all seeds for DeepSeekV3 and GPT-

4o models.



Correctness Measurement
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• Q1: Is the generated answer correct and relevant to the given input prompt?

• Q2: How well does the generated answer adhere to proper language structure and grammatical accuracy?

Table 3: MSE (Mean ± Std) for GPT-4O and DeepSeekV3 per seed for two iterations. Lower values are bolded. 

Answer

Score

Score

IELTS Examiner
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Experiments and Results - Novelty
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Experiments and Results - Correctness
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Conclusion
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• We introduced multi-view embedding, a model agnostic approach that enrich the input prompt with 

diverse textual and visual sources to enhance the diversity and novelty of generated responses.

• We propose a new framework to measure the diversity, novelty, and correctness if the generated 

outputs from LLMs.

• We evaluate both our method and framework using real-world datasets and 469k generated answers 

from various LLMs.



Thanks for your attention

MAY 2025
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