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Proposed Framework for TDRI
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Motivation and Goal

* Text-to-image models struggle with ambiguitiesin user
prompts and understanding user intent

* Non-expert users without prompt engineeringtraining
face challenges in getting desired results

« Multiple iterations are typically needed toachieve
satisfactory outputs
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Do you have a specific posture
requirement for your parrot?
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Parrot wrapped in a soft thick blanket.
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Our Approach: TDRI Framework

* A two-phase dialogue system that refines image
outputs through iterative feedback
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P Experiment Results

Experiment Key Metrics Main Results
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CLIP/BLIP scores,
Human Voting

Text-to-Image

Alignment Comparison

TPR (0.95/0.98/0.385) outperformed
GPT-4 representation (0.92/0.151)
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Multi-dialog CLIP/BLIP similarity TDR reached 94.7% compared to Round 1 Specialized human-machine
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User Perception Survey results

Most users found ideal results by
Round 5 (21.1%)

3B model (78%, 0.77, 8 min) was faster
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with internaloptimization processes

« Demonstrated applicability across
variousimage generation tasks

Image Editing vs. Consistency. Satifaction Image editing (0.88, 90%, 9 min) Round 3
From Scratch Y ‘ outperformed generation from scratch cherry blossom tea
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