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Motivation & Previous methods
(a) Full-Scene Video Generation (b) Video Editing

(c) Gaussian Splatting
limit geometric diversity and struggle to 

generate high-quality long-tail corner cases
Single perspective cannot be used for 

downstream task training

inconsistent lighting, and restricted 
background diversity
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Motivation & Previous methods

Under the same training epochs, 
hybrid datasets do not show any 
advantage over real data alone !

Some categories have extra low indicators.
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Method



RAIN: A Reusable Asset Infusion Paradigm for Generating Multimodal Autonomous Driving Data

Method

(b) 3D-aware Video Rendering

(a) 3D-aware Scene Editing
(c) DriveObj3D
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Experiments
1. Effectiveness for Downstream Tasks 2. Effectiveness for Various Resolutions
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Experiments

3. Quantitative and Qualitative Comparison with Naive Insertion.

4. Ablation Studies
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Experiments

5. More  Visualization


