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Background - What is the Mandela Effect?
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q The Phenomenon: The Mandela Effect is a 

collective cognitive bias where a group shares a 

false memory of a verifiable fact.

q Human Example: Many believe Nelson Mandela 

died in prison in the 1980s, but he actually passed 

away in 2013.

q The Risk in Multi-Agent Systems (MAS): While 

Multi-Agent Systems (MAS) excel at complex tasks, 

their reliance on social interaction makes them 

susceptible to shared distortions. Collaborative 

agents can reinforce each other's biases through 

social influence, leading to flawed group judgments.



Research Questions & Motivation
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q Research Gap: Existing studies focus on individual hallucinations or simple conformity, 

ignoring long-term, socially-induced socially-induced collective false memory solidification 

in MAS.

q Objective: This paper investigates the existence, influencing factors, and mitigation of the 

Mandela Effect in LLM agents.

q Research Questions:

q RQ1: Does the Mandela effect occur in LLM-based multi-agent systems?

q RQ2: What factors influence the emergence of the Mandela effect?

q RQ3: How can we effectively mitigate the Mandela effect?



MANBENCH: Data Source
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q Data: 4,838 multiple-choice questions 

across 20 tasks from BIG-bench Hard (BBH).

q Knowledge Domains

q History, Time, & Events

q Misconceptions & Social Cognition

q General Knowledge

q Domain-Specific Knowledge (e.g., 

Medicine)

q Uses LLM-generated "Primary Distractors" 

to create plausible ambiguity.



MANBENCH: Interaction Protocols
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q Group Composition
q Generic Group (simple consensus) 
q Role-based Group (5 specialized roles)

q Memory Timescale:
q Short-term (situational)
q Long-term (internalized conviction)

q Five interaction protocols varying by Group Composition (Generic vs. Role-based) and 
Memory Timescale (Short-term vs. Long-term).



MANBENCH: Evaluation Metrics
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qError Rate ( ): The proportion of questions answered incorrectly under a 

protocol    .

qReality Shift Rate (     ): The proportion of questions that the agent answered 
correctly in the baseline but incorrectly after group interaction.

qMaximal Reality Shift Rate (          ): Captures the full scope of a model's 

vulnerability by calculating the total proportion of correct baseline memories 
compromised by any of the four social protocols. 



Main Findings
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q RQ1:  Does the Mandela effect occur in LLM-based multi-agent systems?

q Observation 1: All 13 evaluated LLMs (including GPT-5, Claude 4) are susceptible to the 

Mandela effect.

q Observation 2: Short-term false memories can solidify into long-term beliefs.



What Drives the Mandela effect?
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q RQ2:  What factors influence the emergence of the Mandela effect?
q Agent Group Composition
q Role-based group (RS & RL) is more potent at inducing the Mandela 

effect than Generic Group (GS & GL) across most models, yielding higher 
Reality Shift Rates (       &       ).

q Memory Timescale
q The Mandela effect decreases in long-term memory due to memory decay.

q Agent Group Size
q In the Generic Group, the Mandela effect intensifies as agents increase 

and saturate at a critical group size.
q In the Role-based Group, the Mandela effect first increases and then 

decreases as the number of agents increases. 
q The effect peaks at a group size of 6. In larger groups (9+), agents 

become suspicious of the "perfect coordination," triggering critical 
thinking and self-correction.

This “suspicion-induced vigilance” effect suggests agents possess 
a latent capability to detect inauthentic social dynamics.
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What Drives the Mandela effect?
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q RQ2:  What factors influence the emergence of the Mandela effect?

q Knowledge Domain

q Mandela effect thrives in narrative and ambiguity domains 
like History and Misconceptions, but also persists strongly in 

high-stakes Domain-Specific areas. 

q Even areas with strong baseline knowledge are vulnerable 
to the Mandela effect, especially in specialized domains.

q Model Scale of Agents

q Simply scaling up model size does not necessarily reduce 

the Mandela effect. In some families (e.g., Qwen3), larger 
models are more vulnerable because their superior narrative 
understanding makes them easier to deceive.



Mitigation Strategies
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q RQ3:  Does the Mandela effect occur in LLM-based multi-agent systems?

q Prompt-Level Defenses 

q Cognitive Anchoring: Forces agents to 

establish an "internal anchor" based on their 

own knowledge before considering external 

input. 

q Source Scrutiny: Trains agents to act as 

"detectives," deconstructing narrative 

structures to identify manipulative intent.

q Effect: Achieved significant reduction in reality 

shift rates.



Mitigation Strategies
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q RQ3: How can we effectively mitigate the Mandela effect?
q Model-Level Defenses

q Ablation Study of Supervised Fine-Tuning (SFT)

q Resilience Set only: Models become dogmatic. They resist 
falsehoods but also reject correct guidance (𝜎! surges to 
38.5%).

q Cooperative Set only: Models remain vulnerable. They learn 
to accept truths but fail to defend against social contagion.

q Our Solution of Balanced SFT: SFT on a Resilience Set to resist 
falsehoods and a Cooperative Set to accept truths. 

q True resilience requires training agents to distinguish between 
manipulative and helpful social contexts.

q Result: Average 74.40% reduction in Mandela effect while 
maintaining the ability to learn from valid social input (𝜎! at 1.1%).
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