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ICLR 2026Introduction & Context

Social AI Agents

Emotion understanding is a cornerstone for fostering meaningful 

human-machine interactions. It is critical for domains such as:

● Healthcare: Enhancing therapeutic alliance.

● Education: Improving adaptive learning outcomes.



ICLR 2026Interpretability Gap
● Emotion classification in domains such as healthcare needs to be 

interpretable.

● Traditional methods for emotion classification rely on black-box 

classification. 

● Multimodal (or “Omni”) LLMs generate explanations (reasoning) 

in addition to their predictions and hence are more interpretable.
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Multimodal LLMs are prone to perception 
(“hallucinations”) and reasoning errors.



ICLR 2026Bottlenecks in MLLM Reasoning



ICLR 2026EmoReAIM Benchmark



ICLR 2026Benchmark details

● Automatic annotation using existing videos from DFEW.
● Manually verified and filtered.
● All MCQs to ease evaluation.

Xingxun Jiang, Yuan Zong, Wenming Zheng, Chuangao Tang, Wanchuang Xia, Cheng Lu, Jiateng Liu，"DFEW: A Large-Scale Database for Recognizing Dynamic Facial Expressions in-the-Wild,"in ACM 
Multimedia, 2020.
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Proposed Method: AVEm-DPO
Audiovisual Direct Preference Optimization

A framework aligning model responses with audiovisual inputs via explicit preference pairs and 

text-prior penalties.



ICLR 2026AVEm-DPO

Propose two types of preference optimization
● Prompt-based Modality Preference – Only perform multimodal DPO 

based on the modalities that the prompt is related to.
● Emotion-based Response Preference – Perform vanilla DPO by creating 

two types of negative (rejected) responses tailored to perception and 
reasoning errors.
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ICLR 2026Additional - Text Prior Debiasing (TPD)

The Bias Problem
LLMs rely on statistical correlations (e.g., "sad" implies "tears") 

regardless of visual evidence.

The Solution
We introduce a regularization term that penalizes the model if 

it generates a response that is highly probable given only the 

text prompt, effectively discounting text priors.



ICLR 2026Quantitative Results



ICLR 2026Reasoning improves classification



ICLR 2026

Questions?
achaubey@usc.edu

Project Page: avere-iclr.github.io

chaubeyG/EmoReAlM        ihp-lab/AVERE        chaubeyG/AVERE-7B 

http://avere-iclr.github.io

