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Motivation 

• Many medical AI benchmarks rely heavily on exam-style questions 
evaluating recall and lack clinician-annotated psychiatric scenarios 

• Real-world psychiatric practice involves nuanced, subjective, and 
ambiguous decisions, requiring domain expertise

MENtal health Tasks AssessmenT Dataset (MENTAT)
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Motivation 

• Many medical AI benchmarks rely heavily on exam-style questions 
evaluating recall and lack clinician-annotated psychiatric scenarios 

• Real-world psychiatric practice involves nuanced, subjective, and 
ambiguous decisions, requiring domain expertise


 
Introducing: The MENTAT dataset 

An expert-created and annotated dataset capturing real-world 
complexities and ambiguities in psychiatric clinical decision-making, 
comprising of 203 base questions with 5 answer options


MENTAT is the first expert-curated, clinician-annotated benchmark for 
real-world psychiatric decision-making without LM involvement 


MENTAT covers questions across five clinical tasks: diagnosis, treatment, 
monitoring, triage, and documentation, designed and verified by nine 
practicing U.S. psychiatrists from diverse backgrounds  

MENtal health Tasks AssessmenT Dataset (MENTAT)
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Motivation 

• Many medical AI benchmarks rely heavily on exam-style questions 
evaluating recall and lack clinician-annotated psychiatric scenarios 

• Real-world psychiatric practice involves nuanced, subjective, and 
ambiguous decisions, requiring domain expertise


 
Introducing: The MENTAT dataset 

An expert-created and annotated dataset capturing real-world 
complexities and ambiguities in psychiatric clinical decision-making, 
comprising of 203 base questions with 5 answer options.


MENTAT is the first expert-curated, clinician-annotated benchmark for 
real-world psychiatric decision-making without LM involvement. MENTAT 
covers questions across five clinical tasks: diagnosis, treatment, 
monitoring, triage, and documentation, designed and verified by nine 
practicing U.S. psychiatrists from diverse backgrounds.  

Question and answers have place-holders for patient demographic 
variables (age, gender, or ethnicity) where not decision-relevant to 
evaluate the impact of patient demographic information on treatment 
quality and fairness

MENtal health Tasks AssessmenT Dataset (MENTAT)
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Triage and documentation questions reflect inherent ambiguity of real-
world decisions (e.g., involuntary admission thresholds or summarizing a 
clinical encounter) making preference annotations with uncertainty 
essential.

Annotation Data Processing
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Triage and documentation questions reflect inherent ambiguity of real-
world decisions (e.g., involuntary admission thresholds or summarizing a 
clinical encounter) making preference annotations with uncertainty 
essential. We extracted diverse expert preferences and disagreements 
with a hierarchical Bradley-Terry model with uncertainty for soft labels as 

  

with  being the latent preference parameter for answer  of question , 
annotator-specific offset  and slope  for each annotator  


The annotator parameters capture individual behavior across questions 
and not just the differences between for an individual question  


Annotator parameters are conservatively bounded. Uncertainties are 
estimated via bootstrap resampling at a 95% confidence level

P(i ≻ j ∣ a) = (1 + exp[ − (γa + αa (βi − βj))])
−1

βik i k
γa αa a

k

Annotation Data Processing
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Triage and documentation questions reflect inherent ambiguity of real-
world decisions (e.g., involuntary admission thresholds or summarizing a 
clinical encounter) making preference annotations with uncertainty 
essential. We extracted diverse expert preferences and disagreements 
with a hierarchical Bradley-Terry model with uncertainty for soft labels as 

  

with  being the latent preference parameter for answer  of question , 
annotator-specific offset  and slope  for each annotator  


The annotator parameters capture individual behavior across questions 
and not just the differences between for an individual question  


Annotator parameters are conservatively bounded. Uncertainties are 
estimated via bootstrap resampling at a 95% confidence level


The hierarchical Bradley-Terry model increases the probability for the 
chosen answer of the question creator to be in the top-k

P(i ≻ j ∣ a) = (1 + exp[ − (γa + αa (βi − βj))])
−1

βik i k
γa αa a

k

Annotation Data Processing
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We evaluate 21 language models,  
16 off-the-shelf and 6 (mental) health  
fine-tuned models on category-specific  
task accuracy


Results 
Strong MedQA performance (i.e., 

medical exam questions) does not  
guarantee strong clinical decision- 
making as measured in MENTAT 


Best performance in diagnosis and 

treatment with triage and 

documentation being the hardest


Task-Performance
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We evaluate 21 language models,  
16 off-the-shelf and 6 (mental) health  
fine-tuned models on category-specific  
task accuracy


Results 
Strong MedQA performance (i.e., 

medical exam questions) does not  
guarantee strong clinical decision- 
making as measured in MENTAT 


Best performance in diagnosis and 

treatment with triage and 

documentation being the hardest


Also, high multiple-choice accuracy  
does not guarantee free-form  
response quality and consistency,  
underscoring the importance of  
evaluating beyond fact-recall  
benchmarks

Task-Performance
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LMs exhibit statistically significant 

demographic biases across all 

tested variables


Biases are stronger for individual 

models (averaging across models  
regresses to the mean) and lack  
a consistent pattern of which

demographic receives better care 

(arbitrary bias)

Fairness Evaluation
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Code (Github, MIT license) Paper (OpenReview)


Check it out!
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