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What is HUME?

OVERVIEW

Human evaluation of embedding models is critical but rarely
done, HUME fills this gap with an extensible, protocol-
aligned framework.

We measure human performance across 16 MTEB

datasets spanning reranking, classification, clustering, and
semantic similarity in 5 languages.

Humans achieve 77.6% avg. performance vs. 80.1% for the
best model, with striking variation across tasks and
languages.

Models dominate on structured tasks; humans lead on non-
English and culturally nuanced ones.

We benchmark 9 LLMs as annotators, they fall short of
human quality (76.1% vs. 81.2%).

Table 1: Human vs. 13 Embedding Models
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interfaces matching
MTEB protocols.
Same labels, scales,

NLP practitioners,

2 annotators per
English task for IAA

native or near-native.

Human Evaluation Framework For Text Embeddings
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metrics to flag low-
reliability datasets.

+ 9 LLMs evaluated

with aligned metrics.

13 embedding models

on identical instances

Inter-Annotator Agreement

"Superhuman" is Often

e Illusory

Models beat humans where agreement is
lowest. High scores reflect artifact fitting, not
understanding.

k=0.39 — 190%
Task Quality = Benchmark

e Quality

Low-agreement tasks should be deprecated
from leaderboards. Report IAA alongside
scores.

ReportlAA

Humans Win Non-English
Tasks

Arabic, Russian, Norwegian sentiment: humans
dominate. Arabic STS: +26.6 pts over best
model.

+26.6 pts gap

"Human-Level" is Not One

Number

Performance ranges from 45.8% to 97.6%
across tasks. Task-level human baselines are
essential.

45.8-97.6%
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Human vs. Top Embedding Models
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