Optimizing ID Consistency in Multimodal Large Models: Facial Restoration via Alignment, Entanglement, and Disentanglement
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® Abstract ® Motivation

Optimized Muhlmodal Editing Large Models GPT-40 plus, Flux.1 Kontext (Industrial), In-Context Edit, InstructPix2Pix (Academic) — focusing on enhancing ID preservation (Total diffusion steps, ID similarity)
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® Introduction

ﬁ Five-pointed star: Latent vector via DDIM
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