
▾ In-Context Learning ability: the ability unlocked by a molecular foundation model from millions of tasks 
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▾ Results (More Analysis 👉)▾ DemoDiff: Learning Diffusion Models from Demonstrations

Functional: In vitro cellulartoxicity against 
chinesehamster AA8 cell line after 4hr of 
compound exposure

ADME: Cytotoxicityagainst human H9cells after 4 
days bycoulter counter

Binding: In vitro bindingaffinity towards (alpha-4)2(beta-
2)3 neuronalnicotinic acetylcholinereceptor in P2 
membranefractions of rat forebrain

Materials: Thermalconductivity[W/(m*K)] forpolymeric
materials • Tasks (bioassays, material properties) from 

ChEMBL, Polymer membrane databases, etc,
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We compute the oracle and diversity scores from the Top-10 generations and report the 
harmonic mean of these two values. We group 33 tasks into six categories and report 
the mean ± std within each category. The best results in each column are bolded.
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