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Motivation How P-GenRM Works

Training Framework of P-GenRM

P‑GenRM infers scenario‑specific user personas and preferences from hybrid signals, generates 
dynamic scoring rubrics to evaluate candidate responses. At test time, it aggregates individual 
scoring schemes and leverages similar users’ preferences to enhance accuracy and generalization.

(1) SFT: Equips P‑GenRM to integrate self‑generated preference analyses into reward modeling.
(2) RL: Further improves evaluation chain quality, especially under scarce explicit user feedback.
(3) Curriculum Learning: Enhances P-GenRM’s ability in hard negative cases.

Comparative Results

Strong Generalization Performance

Efficient Scaling for Performance Boost

(1) Accurate reward modeling in 
open-ended scenarios requires 
understanding user preferences.
(2) Existing methods oversimplify 
diverse preferences into fixed rules.
(3) GenRM’s inherent test-time 
scalability can be used to improve 
both accuracy and generalization.
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Blue indicates shared intra-group 
similarity, Red represents individual 

diversity. Distinct clusters show 
inter-group heterogeneity.

Stable performances on
 long-tail distributions


