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Deep Research
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LiveResearchBench
A live and user-centric benchmark crafted by humans

Queries iteratively refined through human-AI interaction 
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Queries iteratively refined through human-AI interaction 
Time varying

User centric

Unambiguous

Multi-faceted



Domain Distribution & Task Coverage



Benchmark Construction and Verification Pipeline
• Six-stage data generation & five-stage data verification
• Built with over 1,500 hours of human labor
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How do we evaluate deep research reports 
(long-form and open-ended)?



If we apply LLM-as-a-Judge naively…
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The performance is terrible 
(<50% alignment with human judgement)



DeepEval: dissect into several sub metrics +  
turn subjective judgements into objective ones + 

LLM-ensemble-as-a-judge
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• Report-level metrics: 

• Presentation & organization: is the report poorly organized or contain grammar 
errors? 

• Factual & logical consistency: are there inconsistent numbers/claims? 
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• Coverage & comprehensiveness: are all aspects of multi-faceted query addressed? 

• Analysis depth: do report provide substantive insights beyond simple info gathering? 

• Citation association: are factual claims/numbers cited? 

• Citation accuracy: do cited sources genuinely support their claims?
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If we have a checklist for each question…



DeepEval: aligning with human judgement

• 1) Checklist-based: 

• Coverage & comprehensiveness: are all aspects of multi faceted query addressed? 
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DeepEval: aligning with human judgement

• 3) Pairwise additive: 

• Analysis depth: is the report better than the reference report in terms of analysis 
depth? 

•



DeepEval: aligning with human judgement

• 4) Rubric tree: 

• Citation accuracy



DeepEval: achieves high human alignment rate

• LLM-ensemble-as-a-judge: Gemini-2.5-pro & GPT-5 

• Report-level metrics: 

• Presentation & organization: 98.3% 

• Factual & logical consistency: 82.0% 

• Content-level metrics: 

• Coverage & comprehensiveness: 100.0% 

• Analysis depth: 92.5% 

• Citation association: 85.9% 

• Citation accuracy: 87.1%



Main Results and Analysis
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Longer reports are common, but not consistently better.
Observation 1



Main Results and Analysis

Models produce fluent reports, but struggle with citation correctness and formatting.
Observation 2
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Main Results and Analysis

Multi agent systems lead on average;  
single web agents excel in consistency, MAS lead in citation association

Observation 3&4



Main Results and Analysis

Multi-agent systems lead presentation, but surface polish does not imply grounded quality. 
Coverage benefits from specialization, but scaling retrieval scope and system complexity strain memory capacity.

Observation 5&6



Main Results and Analysis

Most systems are deep searcher not deep researcher 
Despite longer reports, Gemini and o3 DR do not consistently outperform ODR in analysis depth

Observation 7



Main Results and Analysis

Even SoTA systems are far from citation error-free 

E1: URL invalid; E2: URL irrelevant; E3: claim not supported

Observation 8



Code and dataset are available

https://github.com/SalesforceAIResearch/LiveResearchBench

Check our paper for more results and details!

https://huggingface.co/datasets/Salesforce/LiveResearchBench

https://livedeepresearch.github.io/

https://github.com/deeplearning-wisc/poem
https://huggingface.co/datasets/Salesforce/LiveResearchBench
https://github.com/deeplearning-wisc/poem
https://sparkle-reasoning.github.io/
https://github.com/deeplearning-wisc/poem

