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 Predicting future radar sequences from past observations.
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Challenging Features  Downscaled to 4 km resolution and cropped to a central 256 X

« Extreme rainfall is short-lived and highly localized 256 region.

Zoomed-in Area

1 Results: 6hour prediction
» Requires capturing fine-grained radar structures. * Train / Val / Test split: 2014-2021 / 2022 / 2023. exPreCast
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* Needs flexible prediction across multiple time horizons. Temporal Extractor A
 Prediction horizon adjusted via Temporal Extractor fine-tuning.

Main Contribution » Enables flexible forecasting with low additional cost.

* Light yet highly accurate deterministic model.

Training Loss

 Flexible prediction horizons up to 6 hours with efficient fine-

Zoomed-in Area (6-hour lead-time)

* Fourier Amplitude Correlation Loss
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tuning.
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