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Motivation

What’s missing in current benchmarks?
Not real-life (expert / synthetic tasks)

 The tasks in existing benchmarks are not commonly encountered in everyday reasoning
Limited reasoning types

 Current benchmarks fail to include multi-image inputs that span a diverse range of reasoning types
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Our Solution: MMR-Life

MMR-Life Benchmark
2,646 questions
19K images
Real-life scenarios
Multi-image reasoning
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Task Design

Broad Reasoning Types
We cover 7 distinct reasoning types, which broadly encompass the reasoning abilities necessary for 

everyday situations.
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Main Results

MMR-Life is Challenging
GPT-5 only achieved an accuracy of 58.69%

All models perform poorly in spatial 
reasoning, with the highest accuracy being only 
25.10%

The open-source model’s thinking mode does 
not show improved reasoning capabilities
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Thinking Budgets Analysis

Longer Thinking Is Not All You Need
Longer thoughts do not lead to better performance for all reasoning types
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Reasoning Methods Analysis

Failure of Enhancement Methods in Larger Models
As the size of models scales, the average performance difference between other methods and 

CoT consistently decreases
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Error Analysis

Error Distribution for SOTA Models
Reasoning errors dominate at 32%
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Conclusion

Takaways
We propose MMR-Life, the first comprehensive benchmark for evaluating 

multimodal multi-image reasoning in real-life scenarios across seven reasoning

Through an extensive evaluation of 37 state-of-the-art MLLMs on MMR-Life, we 
find that existing models struggle considerably in real-life reasoning, especially in 
causal, spatial, and temporal tasks

Based on MMR-Life, we conduct an in-depth analysis of current MLLM reasoning 
paradigms.
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