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MOTIVATION

(ﬂ)~ Emotion Classification (b). Emotion Interpretation

ight cause a specific emotional state?

Emotion Explanation |

Label: Contentment
Question: Why might the image evoke contentment in viewers?
Ground Truth Explanation:
Itis dark and gloomy but the house has a lot of characters.

GPT4o Explanation:

Its peaceful and rural setting depict a quiet village or countryside scene. )
Human Evaluation: Reasonable Metric Evaluation: Incorrect |

Label: Amusement
PT4o Prediction: Contentment

o Emotional Trigger Identification J

Question: What is the cause of the man in the image being sad?
Ground Truth Answers:

Label: Disconnection, Doubt
GPT4o Prediction:
Confident, Disconnection, Disquietment

GPT4o Answers: :
1.Crying. 2. Indoors or at night. 1. Downturned mouth, and slightly closed eyes. !
3. Standing next to another person. 2. A possibly cold or harsh environment. :
4. Being comforted by another. 3. He might experience an emotional difficulty. 1
Human Evaluation: Reasonable Metric Evaluation: Incorrect |

Human Evaluation: Reasonable
Metric Evaluation: incorre

Why Current Visual Emotion Evaluation Falls Short?
Oversight of Plausible Responses, Limited Emotional Taxonomies,
Neglect of Contextual Factors, Labor-Intensive Annotations

Core Idea: Emotion Statement Judgment (ESJ)

The ESJ task reformulates emotion evaluation by
requiring MLLMs to validate emotion-centric statements
for a given image, naturally supporting open-vocabulary

emotions, inclusion of contextual factors, cost-efficient
construction, and alleviation of response subjectivity.

 statement on Scene Context Label: Correct |

| In the context of: ‘A firefighter rushes into a burning forest to !
: ite the danger’, the image is likely to 1

| Upon viewing the image, observers, despite individual or cont- |

| extual factors, are most likely to experience negative emotions. |

T gy Label: Correct 1

| The image might evoke 'bravery’ because it depicts a firefigh- |
| ter engaged in extinguishing a fire. The firefighter's protective |
| gear and the use of a fire extinguisher suggest a high level of |  Emotion Statement Judgement (ESJ)

skill and courage required to handle such a situation.

e Iy Label: incorrect |

1 Upon viewing the image, a 35-year-old male firefighter is more |
' | inclined to feel fear compared to urgency. H
| Task: Is the statement correct regarding the image? |

L

Sentiment Polarity: overall emotional tone.

Emotion Interpretation: affective reasoning capability.
Scene Context: dynamic influence of contextual factors.
Perception Subjectivity: personalized emotion prediction.

DATA PIPELINE
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(d). Parrott-based Open-vocabulary Hierarchical Model (POM)
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Image Sample

Stepl: Open-Vocabulary Emotion Tagging

(a). Prototype Statement Generation Local MLLMs inferences Hope: Anger

[Emotion] [MLLM]

Scene Context Statement Constructios

Incorract Statement Construction Correct
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HUMAN REFINEMENT

MVEI (Multifaceted Evaluation of Visual Emotion
Intelligence): A Human-Refined Subset for Evaluation

T Er—— el | Perception
il Emotion Wi Subjectivity )
[ Labeis M Sentiment
: | Polarity
! Anticipation | Correct
Joy kb Incorrect

! satisfaction | 45.9%

| Pleasure | Seene

Context Interpretation
: Label: Incorrect | S12% Eongih Ditihation
i The chaotic and disorganized arrangement of various | e Average Length: 37.0 Words
| food packaging can evoke a sense of anxiety due to the | 115%
| overwhelming number of items and cluttered space. ; %, £2% 3.8% 3.0% 2.8% 3.3% 21% 0.6
T 10 20 30 4 50 G0 70 8 50 100 110 10

5 human annotators refine 3,164 statements, reaching a Fleiss’s Kappa
score of 0.61. 3086 samples are finally retained into MVEI benchmark.

EVALUATION

Experiments on 18 Popular MLLMs, 25 Humans, and
5 Lightweight Model Adaptation Techniques

Finding 1: Asymmetric Strengths
MLLMs excel at emotion interpretation and context-based
judgment, but struggle with perception subjectivity.
Finding 2: Persistent Human—AIl Gap
Even GPT-40 trails human average by ~12.6%, revealing
substantial room for improvement in emotional intelligence.
Finding 3: Adaptation Helps, But Unevenly
Fine-tuning dramatically boosts Sentiment Polarity yet barely
improves Perception Subjectivity, suggesting the latter
demands innovations beyond standard SFT.



