From Utterance to Vividity: Training Expressive Subtitle Translation LLM
via Adaptive Local Preference Optimization
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1. LLM Is Excellent Translation Evaluator

We validate that LLMs can serve as reliable translation evaluators by comparing their vividness judgments with
human ratings across multiple subtitle translation directions and showing strong agreement.
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3. Chat LLMs Favor Literal,

Reason LLMs Excel in Liberal

We showed that chat LLMs tend to
produce more literal subtitle translations,
whereas reasoning LLMs better generate
outputs closer to the expressive style of
human translations.
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2. Parallel Corpora Are Actually Not Parallel

We quantitatively show that so-called parallel corpora across domains differ in how literally they mirror the source,

with subtitle exhibiting much stronger liberal translation and thus being "not actually parallel” in a strict sense. -
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We proposed ALPO, a process-supervised local preference optimization framework that samples segment-level subtitle translation candidates, scores them with an
LLM evaluator, and trains the model with an adaptive fine-grained alignment loss to improve translation vividness.
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