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Background

1.Test-time reinforcement learning (TTRL) offers a label-free 
paradigm for adapting models using only synthetic signals 
at inference

2.Its success hinges on constructing reliable learning signals
3.Standard approaches such as majority voting often 

collapse to spurious yet popular answers.

Observation: Correct answers exhibit significantly higher cross-view 
consistency than wrong answers across all tested models.
Hypothesis: Because correct reasoning relies on invariant semantics 
rather than superficial style, the probability of reaching the correct 
answer 𝐶 remains stable across paraphrased views: 
P(C | View1) = P(C | View2)
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1.Theory proves the Harmonic Mean beats Majority Voting under our 
assumptions, we encourage using it as a robust drop-in replacement 
for any pseudo-labeling pipeline.

2.A single-model Solver-Reframer generates diverse views to expose 
fragile reasoning, with extended theories covering scenarios that 
violate standard view assumptions.

3.Self-Harmony achieves SOTA unsupervised adaptation across 5 
models and 6 tasks
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