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Contributions
·We propose a Compression–Integration–Learning (CIL) pipeline 
for memory-efficient continual instruction tuning.
·We introduce LoRA Rank Pool (LRP), a fine-grained expert 
structure for flexible knowledge reuse and compression.
·We achieve state-of-the-art performance on CoIN and Continual-
NExT with significant improvements over strong baselines.

Large Multimodal Models (LMMs) rely on instruction 
tuning to follow human intent, but evolving tasks 
make repeated retraining costly. Continual Instruction 
Tuning (CIT) is a promising solution, yet existing 
methods either suffer from forgetting or require 
continual parameter expansion, causing memory 
growth. To address this, we propose PCLR, which 
combines a Compression–Integration–Learning (CIL) 
pipeline with LoRA Rank Pool (LRP) to compress 
redundant knowledge and reuse capacity efficiently. 
Experiments on COIN and Continual-NExT show 
strong effectiveness and state-of-the-art performance.
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