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Motivation
• Continual Learning suffers from recency bias and models deployed in 

real-world scenarios benefit from uncertainty awareness.

• Our analysis reveals a strong positive correlation between improved 
calibration and higher accuracy.

• This motivates us to introduce the idempotent property into rehearsal-
based continual learning for more reliable prediction.



Idempotent property
• Formulation:

• It can be used to measure prediction reliability.



Methods
We introduce idempotence into continual learning by modifying the backbone 
to accept a second input in addition to the image.



Methods
IDER contains two aspects: 

• Idempotent learning on 
current-task data 

 

• Idempotent distillation from the 
previous model



Main Experiments
We evaluate our method on class-incremental learning setting.



Further Experiments
We evaluate our method on generalized class-incremental learning setting.



Further Experiments
Idempotence improves prediction reliability.



Further Analysis
The modified backbone has negligible impact on the performance.

IDER substantially reduces forgetting with minimal additional training cost, 
while MSE outperforms KL divergence.
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