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Problem statement



Efficient evaluation = selection + prediction



Status quo
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Our solution



DISCO: select 
anchor data 
points

- No latent data point 
variables - only use 
models 
disagreement

- Select not based on 
datapoint inner 
qualities, but on 
responses 
diversification



DISCO: predict 
performance 

- No latent model 
variables - only use 
model signatures







Conclusions



If you need to evaluate models more efficiently:

If you want to save up to 99.3% of compute at the cost of 1-2% error:

1. Select data points that diversify models’ responses
2. Fit a lightweight prediction model from outputs on these data points to full test 

performance



Appendix



Let’s look which samples diversify model outputs:

Inspired by: Dig-in: Diffusion guidance for investigating networks-uncovering classifier differences neuron visualisations and visual counterfactual explanations (CVPR 2023)
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Some funny qualitative examples



Very nice, but can they help us with anything?



Estimate performance based on models’ similarity
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