
Introducing mR3!
A multilingual rubric-agnostic reasoning reward model 
designed for consistent and interpretable multilingual evaluation.

🌍 Language Diversity: Trained on 72 languages, the broadest 
language coverage to date.

🧠 Non-English Reasoning: Supports non-English reasoning via 
language forcing.

🧩 Rubric Agnostic & Controllable: Generalizes across rubrics 
and customizable for new use cases.
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[Takeaway 1] 
mR3 matches or beats models up to 9× larger (GPT-OSS-120B) across 
multilingual reward modeling benchmarks across different formats 
(pointwise, pairwise, and binary) and domains.

[Takeaway 2]
mR3 can reason in the input language better, even surpasses the base 
model's English reasoning. Human evaluation also confirms mR3 
produces more factually and logically sound reasoning.

[Takeaway 5] 
We also perform ablations on dataset size, 
curriculum, teacher model, and training 
strategy to justify our design choices. To 
summarize, we can probably scale for 
more dataset and a strong teacher is 
required, with using RLVR offering no 
additional gain and less efficient.

[Takeaway 4]
Human study with 19 native 
speakers on reasoning trace 
faithfulness (including unseen 
LRLs during training) shows 
that mR3 models acquire 
more accurate and culturally 
aligned reasoning.

[Takeaway 3] 
Using mR3 as a reward signal for post-training yields a stronger policy model 
on mulitlingual benchmarks compared to other SOTA multilingual RM.
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