ReFocusEraser: Refocusing for Small Object Removal with Robust Context-Shadow Repair
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Method

Motivation

» Problem: The fixed downsampling of VAEs
causes severe detail loss, making small object
removal highly challenging for diffusion-based
models.
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(a) Box-based stitching
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(b) Mask-based stitching
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Contribution Experiments
(a) Mask & Image  (b) RePaint (c) PixelHacker (d) Flux-Knotext  (e) Flux-Fill (f) CLIPAway  (g) PowerPaint (h) AttentiveEraser (i) OmniEraser (j) Ours.
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a module that seamlessly integrates inpainted
regions and automatically corrects shadows
using a robust mask-based stitching strategy.
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