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TL;DR DiVeQ Experiments

DiVeQ is a novel technique that allows end-to-end training of
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= DiVeQ models VQ as addition of a simulated quantization error.
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. Straight-Through Gumbel-Softmax (ST-GS)
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= Space-Filling DiVeQ is similar to DiVeQ, but maps z to a random
point on the line connecting two adjacent codebook vectors.

= DiVeQ and SE-DiVeQ improve generation quality, especially for
challenging small codebook sizes.

= Research Gap: Shortcomings of previous solutions. Quantization Error
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