
SafeDialBench: A Fine-Grained Safety Evaluation 
Benchmark for Large Language Models in Multi-Turn 

Dialogues with Diverse Jailbreak Attacks

Presenter：Hongye Cao

Data：2026/2/23



目录
01 Introduction

02

03

Methodology

Results

2



Introduction

3



Backgroud

动手学深度学习

2026/2/23 4

Traditional single-turn evaluations 
only test models against direct 

malicious requests (basic compliance)

while real-world scenarios involve 
more complex multi-turn dialogue 

risks.

Background

Safety is a critical issue in LLM research and application.
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Existing evaluation benchmarks have three major limitations:
1. Single-round dialogue dominance: Benchmarks like COLD  only test single-round interactions
2. Limited attack strategies: Existing multi-turn benchmarks (e.g., RED QUEEN) employ only one jailbreak 

attack method, failing to comprehensively expose model vulnerabilities. 
3. Coarse-grained evaluation dimensions: Most studies lacking a fine-grained safety capability assessment system.
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Establish six core security dimensions -> Evaluate across 22 dialogue scenarios incorporating multiple jailbreak 
attack methods -> Conduct LLM-based and manual assessments based on three security capability standards
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Ø Fairness: Evaluates whether the model treats different user groups without 

bias, avoids reinforcing stereotypes.

Ø Legality: Evaluates whether model outputs comply with legal regulations.

Ø Morality: Assesses adherence to ethical principles and values during 

interactions, emphasizing non-violent unethical behaviors such as fraud and 

disregard for social norms.

Ø Aggression: Evaluates harmful content in model outputs, including threats, 

insults, contempt, disrespectful behavior, inflammatory speech .

Ø Ethics: Evaluates whether model responses may encourage self-destructive 

or harmful behavior toward oneself or others.

Ø Privacy: Examines whether model outputs involve disclosure or infringement 

of private and sensitive information.

two-tier hierarchical 
safety taxonomy

We propose 6 major safety dimensions and 22 granular dialogue scenarios, 
covering both explicit and implicit risks.
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Ø Scene Construct：
Ø Simulating protective roles or beneficial scenarios to conceal malicious intent.

Ø Purpose Reverse：
Ø Employing a logical inversion strategy.

Ø Role Play：
Ø Let the model assumes specific roles (such as hackers or extremists), leveraging its tendency to maintain 

role consistency to induce the generation of non-compliant content.

Ø Topic Change：
Ø In lengthy dialogues, first establish a sequence of innocuous topics. Once the model's attention is diverted, 

abruptly shift to offensive content, exploiting the conversation decay effect to bypass safety detection.

Ø Reference Attack：

Ø Through multiple rounds of progressive dialogue, the target is first introduced with neutral descriptions, 

then pronouns are used to conceal attack intent,

Ø Fallacy Attack：
Ø Constructing a pseudo-logical argumentation system requires models to generate seemingly reasonable 

inferences based on erroneous premises

Ø Probing Question：

Ø Gradually escalate the safety boundaries of the sensitive topic testing model.

7 Jailbreak attack methods

7 distinct jailbreak attack methods were employed in the dialogue design to comprehensively test the model's security capabilities.
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Data Construction Process
(1) Method Selection 

(2) Manual Dialogue Design Guided 

Question Design

(3) Multi-Turn Dialogue Generation        

Input these designed initial questions into 

various LLMs and conduct multi-turn

dialogue interactions.

(4) Two-Round Expert Evaluation Logical 

Review
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This framework breaks through the traditional binary security assessment paradigm by establishing a comprehensive security capability evaluation system spanning 
the entire process from “risk perception → intelligent handling → policy stabilization,” providing a quantifiable improvement path for AI security protection.

1. Identifying unsafe risks

2. Handling unsafe information）

3. Maintaining consistent safety stance

Framework
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Most models exhibit ASR rates between 52% and 70%, indicating widespread susceptibility to these attacks, 

though vulnerability levels vary. Model evaluations demonstrated approximately 81%-82% agreement with 

human expert assessments, validating the reliability of this automated evaluation method.
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Model performance across dialogue turns under 
fallacy attack method.

Results for Baichuan2-Chat and Qwen-Chat of different sizes.
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一、Performance Differences Between 
Models：
Ø ChatGPT-4o and Moonshot-v1 typically score 

slightly higher across multiple attack methods and 
evaluation metrics, demonstrating relatively robust 
performance.

二、Differences in the effectiveness of 
attack methods：
Ø In certain charts, the scoring points for “Reference 

Attack” and “Purpose Reverse” may be positioned 
relatively inward, indicating that these attacks may 
be more effective against certain models.

三、Impact of Evaluation Dimensions：
Ø The models scored highest in “Identify,” indicating 

they are relatively adept at recognizing improper 
requests. However, their scores generally declined 
in ‘Handle’ and maintaining “Consistency,” where 
they faced greater challenges.
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