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Our framework, RoboMD, provides a systematic approach for diagnosing
and quantifying failure modes in robot manipulation policies, enabling
robust performance improvement across diverse and unseen
environments
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Through RL RoboMD observes
multiple observations and learns a      
distribution of failure over multiple
actions (Bread, Fanta, Milk Carton) 
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known embedding
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Rank seen and unseen scenarios
based on their likelihood to fail!
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Rank seen and unseen scenarios
based on their likelihood to fail!

The manipulation policy is more likely
to fail with Fanta bottle than water

bottle.
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Improve the Manipulation Policy with RoboMD
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