Embodied Agents Meet Personalization:
Investigating Challenges and Solutions Through the Lens of Memory Utilization
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* Current LLM-powered embodied agents succeed at simple tasks but struggle with

real-world personalized assistance. N | » We propose MEMENTO, a two-stage evaluation framework to assess
* Personalized assistance require agents to understand user-specific meanings

P RQ2. What are the key factors that negatively affect embodied agents’
memory utilization capabilities?
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Dimension of personalized knowledge analysis
* Object Semantics: identifying objects based on personal meaning
User Patterns: recalling sequences from behavioral routines

Evaluating Memory Utilization Across Embodied Agents @ Exploring Memory Design for Personalized Embodied Agents

P RQ1. Can current LLM-powered embodied agents effectively P RQ3. How can we design memory architectures to better support
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